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Abstract

Widespread use is made of spatial targeting methods to determine the location of area-
based policy initiatives within British cities. The aim of this paper is to gain a fuller
understanding of the performance of such methods. A systematic comparison is made of
two basic approaches: the Index of Multiple Deprivation, a composite measure that draws
together government statistics; and census-based geodemographic systems. The
analysis is presented at two levels. At the national level, a comparison is made of the
performance of different targeting systems in isolating concentrations of households
experiencing multiple deprivation. At the city region level, areas currently subject to
intensive targeting are scrutinized, to establish how far they reflect the pattern of need as
revealed by each targeting method. A hybrid targeting method is developed, capitalising
on the strengths of the two approaches, and its utility is demonstrated in identifying areas

to be given priority in future targeting exercises.

1. Introduction

Throughout the last four decades, urban policy in Britain has been characterised by a
series of area-based urban regeneration initiatives, involving the channelling of resources

to selected neighbourhoods within cities. Generally, use is made of spatial targeting



methods to define areas of greatest need or deprivation®. Starting in the 1960s, with
relatively straightforward census-based indicators, spatial targeting methodology has
been progressively refined. The process of refinement has focused on a number of
issues, including: the desirability of selecting direct measures of need rather than
surrogates; the opportunity to expand the range of data sources beyond census data; the
choice of more rigorous statistical methods; the need to design targeting systems that
can be readily updated to reflect neighbourhood change; and the scope for analysing
need at the lowest possible level of spatial aggregation. Analysts have sought to develop
methods that meet the practical requirements of policy makers and provide results that

are easily accessible and capable of being interpreted by non-experts.

All of this activity means that policy makers are now faced with an array of targeting
methods, each of which is likely to produce different results. The choice of targeting
method is a difficult one. Not much is known, for example, about the relative targeting
power of each method or about the consequences of adopting different specifications in
terms of geography and measure of need. This paper, therefore, contributes to filling this
gap in the literature by presenting a systematic comparison of some of the main types of

spatial targeting method that are currently available.

Two basic approaches are examined. The first uses operational statistics generated
by a number of central government departments to construct a composite Index of
Multiple Deprivation that is potentially capable of being updated more frequently than
decennial census data (ODPM, 2004; Noble et al, 2000). The second consists of a
geodemographic system in which neighbourhoods throughout the country are classified
according to their demographic, social and economic characteristics as measured in the

most recent census (Harris et al, 2005). The two approaches differ, not only in terms of

! Deprivation refers to ‘unmet’ need through a general lack of resources.



data and statistical methods, but also in the level of spatial aggregation they employ.
Geodemographics is able to use Output Areas, the smallest geographical units from the
census (175,434 in the whole of England, each containing an average of 250 people),
whereas the 2004 Index of Multiple Deprivation uses Super Output Areas that are
substantially larger (32,482 in England, each with an average of 1,500 people). Thus,
there is a clear trade-off between the extra spatial detail provided by the geodemographic

system and the greater capacity to be updated regularly offered by the IMD.

The comparative analysis is carried out at national and city region levels. At the
national level, the aim is to compare the performance of a number of targeting systems in
relation to a benchmark variable measuring the number of households experiencing
multiple deprivation. To what extent is each system able to identify the degree of spatial
concentration of such households? At the city region level, the emphasis shifts to the use
of targeting methods as an evaluative tool. The aim is to scrutinise those areas that are
currently the subject of intensive spatial targeting. To what extent does this targeting
reflect the pattern of need as revealed by each targeting method? What is the likelihood
of drawing misleading conclusions from the use of particular targeting methods? Are
there areas where it is hard to justify current, or the potential creation of future, urban
policy initiatives? Equally, are there areas that have been missed in earlier spatial

targeting exercises? What areas should be given priority in future targeting exercises?

The remainder of the paper is organised in four sections. In Section 2, the purpose of
spatial targeting is considered and attention is drawn to some of its limitations. This leads
on to a brief history of spatial targeting in Britain, culminating in a short exposition of the
Index of Multiple Deprivation and the P? People and Places geodemographic typology,
the main targeting methods used in the comparative analysis. Section 3 focuses on the

national analysis in which comparisons are made between a number of targeting systems



and a benchmark. In this section the targeting performance of each system is examined
and the extent to which different methods produce consistent results is explored.
Building on this analysis, a new, hybrid targeting system is proposed and tested. In
Section 4, attention shifts to a city region analysis using Merseyside in North West
England as a case study. The notion of intensively targeted areas is introduced and the
effectiveness of this targeting is assessed using the benchmark and two of the targeting
systems. The degree of spatial mistargeting is analysed, leading to conclusions about
neighbourhoods that should, or should not, have been targeted. The new hybrid
targeting system is used to identify areas that ought to be the subject of policy

intervention in future targeting exercises. In Section 5, conclusions are drawn.

2. Spatial targeting and urban policy

The purpose and limitations of area-based urban pol icy initiatives

Area-based initiatives (ABIs), designed to tackle the problems of deprived and
disadvantaged communities, have generally been seen by policy makers in the UK as an
effective way of targeting poor people (Holtermann, 1975; Bulmer, 1986; and Tunstall and
Lupton, 2003). This has resulted in a whole range of area-specific measures being
introduced by successive governments that have been geographically restricted through

use of a range of targeting criteria.

At the outset, it is important to recognize that such initiatives are based upon a
number of different rationales. The first - a ‘compositional’ meaning of deprivation -
involves an acceptance that ‘poor’ individuals are spatially concentrated in particular
areas meaning that area-based targeting can be an effective way of reaching these

individuals. This contrasts with a second alternative rationale - a ‘collective’ meaning of



deprivation — which identifies that there are *area effects’, through a concentration of
poverty and deprivation, and that additional interventions will be needed to support

individuals, organizations and infrastructure in these areas.

A third rationale focuses on resource limitations and / or capacity to innovate (an
‘environmental’ meaning of deprivation) and the need for governing regimes, therefore, to
target limited funding to those areas with identified needs or where they wish to pilot an
initiative to subsequently roll out more widely. In addition, it is also assumed that a focus
on specific areas will lead to wider benefits, such as resident input (to support evidence-
based policy making) or raising the ‘capacity to act’ through enhanced partnership

working between different agencies (see Noble et al 2006; Tunstall and Lupton, 2003).

Whatever the purpose of targeting, the reality of most ABIs is that they target both
individuals and areas, although opinion is somewhat divided over the merits of ABIs and
the degree to which ‘area effects’ exist or not (see Smith 1999, for a fuller explanation).
Indeed, Gough et al (2006, 205-206) have identified a number of problems associated
with area-based targeting. First, they suggest that such approaches fail to consider the
needs of those individuals who do not live in the areas being targeted, as well as leading
to the stigmatization of areas by employers and ‘gatekeepers’ alike. Second, they note
that targeting fails to address wider macro-economic factors / influences and larger
scales of public service provision and regulation in employment, production, housing and
education. Third, they identify that, frequently, the limited timescales of such initiatives do

not allow more deep-rooted issues, both internal and external to the area, to be resolved.

In addition, they argue that attempts at ‘mainstreaming’ best practice that have

developed through ABIs take place only in a few instances and, indeed, may not be



transferred at all because of lack of resources, or because they may be too radical or
‘political’. An example of the latter point, cited by Gough et al (and drawing upon
analyses by Glass, 2005), relates to the Sure Start programme in the UK, which they
suggest was initially focused on young children and their parents in poor neighbourhoods
and substantially governed by their parents. However, they highlight that, in 2005, the
programme was mainstreamed but with reduced funds available and parental control

diluted.

Perhaps the critical issue with respect to ABIs relates to the ‘efficiency’ and
‘completeness’ of targeting. Building upon the ground-breaking work of Townsend
(1979), Tunstall and Lupton (2003) consider the effectiveness of targeting of a wide
variety of urban policy programmes that have been introduced in the UK to reach the
poor. They point out that the population of any given area is inherently mixed and hence
a degree of ‘inefficiency’ will be built into targeting by area, as individuals who are not
intended beneficiaries will be included. Similarly, they note that targeting will also be
‘incomplete’ as intended beneficiaries living outside of the targeted areas will be
excluded. Consequently, they identify a trade-off between the proportion of individuals
reached who are poor — ‘efficiency’ - and the proportion of the target population that is
reached — ‘completeness’. This leads them to conclude that, whilst no form of area
targeting will be completely effective — and indeed research recently commissioned by
the Joseph Rowntree Foundation® suggests that over half of ‘deprived people’ do not
actually live in deprived communities - the careful use of mechanisms used for targeting

will improve levels of efficiency and completeness. This point is further elaborated below.

2 Housing and Neighbourhoods Monitoring Report (2006), Joseph Rowntree Foundation, York.



Spatial targeting in Britain: a brief history

The focus, in the UK, on the spatial targeting of urban policy goes back to the late
1960s with the launch of the Urban Programme and Educational Priority Areas (EPAS)
(Higgins et al, 1983). Successive governments have accepted the notion that urban
poverty and civic engagement can be addressed by area-based initiatives (ABIS)

focused, to varying degrees, on either ‘people’ or ‘place’ (physical infrastructure).

More recently, the policy framework within which ABIs operate has become more
diffuse and complex, as there is now a proliferation of programmes in the UK covering a
wider range of outcomes, including health, crime and education (Lawless, 2004). For
example, in the 1980s and early 1990s, under the Thatcher and Major governments, only
a small number of discrete ABIs (such as Urban Development Corporations — UDCs and
the City Challenge Programme) dominated area-based regeneration and were focused
on the ability of areas to improve. Subsequently, the competitive Single Regeneration
Budget (SRB) became the main policy initiative for the spatial targeting of resources, with

annual bidding rounds (Lawless, 2004).

A criticism of the UDC and City Challenge programmes, as well as the earlier rounds
of SRB, was that they were too narrowly focused on economic and physical development
(Roberts and Sykes, 2000). Hence, following the election of the Labour government in
1997, a whole series of spatially targeted initiatives was developed, based primarily on
need and addressing wider social, economic and environmental problems. For example,
policy initiatives, such as the Neighbourhood Renewal Fund (targeted on the 88 most
deprived local authority areas in England), Sure Start (focused on addressing child

poverty) and Excellence in Cities (focused on boosting educational attainment), have



been introduced because of the difficulties being experienced by a significant number of
individuals. The New Deal for Communities (NDC) programme on the other hand — the
current Government’s main area-based regeneration intervention — targets 39 areas

because of the areas’ characteristics themselves (Tunstall and Lupton, 2003).

A number of targeting methods have been used in deciding which areas of the UK
should benefit from ABIs. Indeed, the aim of creating an index (or indices) to measure
local deprivation, and to support spatial targeting, has been a consistent feature of urban
policy since the launch of the Urban Programme. Moreover, since the early 1980s, the
idea of creating composite indices of ‘multiple’ deprivation has gained increased
prominence at the expense of specific measures of need (for example, education or
unemployment). There has also been a progressive use of data sources other than the
Census in order to better reflect neighbourhood change, along with the choice of more
rigorous statistical methods focused on analysing need at the lowest possible level of

spatial aggregation.

In the mid-1970s, Holtermann (1975) used data from the 1971 Census to undertake
an analysis of multiple deprivation, whilst the Department of the Environment (DoE)
conducted a similar exercise in 1983, following release of 1981 Census data, and
produced an Index of Deprivation for England (based on summed z-scores) that used
eight indicators to highlight ‘area deprivation’ in its major forms (Noble et al, 2006). It
used a very simple weighting system, with unemployment given the most significance
and the index was widely used by local authorities at ward level (Tunstall and Lupton,

2003).



The multi-dimensional view of deprivation was continued through the 1991 English
Index of Local Conditions (ILC) which moved away from a previous focus on groups at
risk of deprivation to more direct measures, highlighting ‘domains’ of deprivation, as well
as taking a ‘building block’ approach, by agglomerating data from the small area to the
large area. Of equal importance was the fact that standardization of deprivation scores
was undertaken through a signed chi-square technique (Robson et al, 1995), rather than
through the use of z-scores. The benefit of such an approach is that it helps to overcome
sampling error where populations at risk are small; nevertheless, it has been criticized on
the grounds of conflating population size with levels of deprivation (see Connolly and
Chisholm, 1999). The ILC was updated in 1995 and a further Index of Local Deprivation
was produced in 1998 by the Department of Environment, Transport and the Regions
(DETR, 1998) in order to target programmes and projects to areas with high levels of

social and economic deprivation.

The Index of Multiple Deprivation 2000 / 2004 (IMD  2000; 2004) and use of

geodemographic classification systems

The most recent attempt to measure local area deprivation in England has come
through the former Office of the Deputy Prime Minister (now Department of Communities
and Local Government - DCLG) in the form of the Indices of Multiple Deprivation (IMD
2000, 2004; DETR, 2000; ODPM, 2004). The former focuses upon levels of deprivation
in local authority wards, whilst the latter provides a more detailed analysis at the scale of
the lower layer super output area (LSOA — generally referred to as SOAS), each covering

around 1,500 residents.
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A weighted combination of a total of 37 indicators, grouped under seven headings or
domains, is used in the derivation of an IMD 2004 score for a particular LSOA. The
domains reflect distinct dimensions or facets of deprivation that were identified by Noble,
et al (2006) and relate, respectively, to income deprivation, employment deprivation,
health deprivation and disability, education, skills and training deprivation, barriers to
housing and services, living environment deprivation and crime. The indicators employed
within each domain satisfy a number of criteria, including the requirement that they are
appropriate for the purpose of measuring major features of the form of deprivation
concerned, and that they are up-to-date and capable of being updated on a regular basis
for the whole of England at a small area level in a consistent form (ODPM, 2004). In
practice, the aspiration to have an updateable system may be difficult to achieve, given
that data sources and methodology are constantly evolving. It is, for example, impossible
directly to compare the results of the IMD2004 with those of its predecessor, the

IMD2000, because a different geography was used.

For the IMD2004, the scores on the first two domains (income and employment) are
given the greatest weighting (22.5%) in arriving at a composite score for the 32,482
individual SOAs in England which provides a basis for the derivation of a ranking of
SOAs. The health and education domains each receive a weighting of 13.5% and the

remainder only 9.3%.

Geodemographic classifications or typologies of small areas have been widely used to
study variation in the geographical and socio-economic distribution of conditions of
interest to agencies in the public sector, particularly in relation to health, crime and
education (see Brown et al, 2000, Reading et al, 1994). There has been a number of

recent reflections on experience in the development of area typologies (see, for example,

11



Batey and Brown, 1994, Leventhal, 1995; Harris, et al, 2005) and their performance in
different circumstances has been subjected to critical evaluation (for examples see Voas
and Williamson, 2000, 2001, and Harris et al, 2005 (Chapter 8)). Webber and Longley
(2003) provide an instructive illustration of their use in examining the “geography of
need”, Longley (2005, p58) subsequently suggesting that “a new generation of
geodemographic indicators is being used to represent intra-urban geographies, in ways
that are robust, defensible and generalized”, with GIS playing a central role in
understanding the geographies of public service consumption and stimulating a

“renaissance of geodemographics for public service delivery”.

The P? People and Places classification system is one of nine updated (or brand new)
geodemographic typologies to emerge from the analysis of data from the 2001 Census
that are reviewed by Sleight (2005). It is the only system that was co-developed by an
academic research team and a commercial firm both to support private sector
applications and to serve as a public policy research tool (Batey and Brown, 2004;
Beacon Dodsworth, 2005) although the ONS National Classification of Output Areas

(Vickers et al, 2005) clearly also has a very strong academic pedigree.

The P?People and Places typology is based exclusively on data from the 2001
Census, thus ensuring comprehensive coverage and consistency of data specification
throughout Great Britain. Census geography was radically improved with the adoption of
purpose-designed Output Areas. These are based on an aggregation of full postcodes,
smaller than the corresponding 1991 Census enumeration districts (containing c. 125
households on average, compared with c. 150) and displaying a high degree of internal

homogeneity with respect to both dwelling type and dwelling tenure (see Martin, 2002), a
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beneficial feature when attempting to identify groups of areas that share common

characteristics.

Different levels of clustering or area-type description are commonly used in
classification systems, depending on the level of detail required for analysis. Thus, the P?
system provides three levels of description. These range from the most detailed level,
with 156 clusters (or Leaves), to 40 clusters (or Branches), and 13 clusters (or Trees), the
least detailed. The Leaves, Branches and Trees are labelled and presented in a
sequence that reflects the affluence ranking of the area types (see Batey and Brown,

2004).

A brief review has been presented here of the purpose and limitations of area-based
urban policy initiatives, and of the approaches adopted to spatial targeting in Britain. This
was followed by discussion of more recently-used methods for the identification of areas
of need, including the IMD 2004 and geodemographic typologies, such as P? People and
Places. The two approaches are quite different. The IMD mostly focuses on drawing
together non-census measures, referring to different aspects of deprivation, as a basis for
ranking and comparing areas, and uses the relatively coarse geography of the Super
Output Area. In contrast, the geodemographic typology employs census data in an effort
to establish what is distinctive about particular types of area, ranked according to a

measure of affluence, but at the much finer geographical scale of the Output Area.

3. The performance of spatial targeting systems:

a national assessment

13



In this section, a number of spatial targeting systems are compared, at the national
level, in terms of their ability to identify the degree of spatial concentration of multiple
deprivation. A consistent benchmark is first introduced, against which to compare the
performance of each targeting system. Initially, three different spatial targeting systems
are compared systematically with this benchmark. The similarities and differences
between these systems are then explored. Following this, a new version of the IMD is
created at the Output Area level. This hybrid method uses a geodemographic
classification to synthesize IMD scores for these smaller geographical units, thereby
capitalising on the strengths of both targeting methods. The performance of this new

targeting system is tested against the benchmark and the other systems.

Establishing a benchmark

The benchmark variable plays a central role in the analysis presented here. To work
well it needs to capture a sufficient number of different aspects of deprivation, be
expressed at a fine geographical level, be measured consistently across the country as a
whole, and be free of the problems associated with ecological correlations (Bulmer, 1986;
Batey and Brown, 2006 forthcoming). The variable that comes closest to meeting these
criteria is to be found in the 2001 Census. This variable measures multiple deprivation at
the individual household level, thus avoiding the pitfalls of the ecological fallacy. Itis
broad in scope: four dimensions of deprivation are recognised, associated with
employment, education, health and housing. It is available at Output Area level for
England (the same variable is not available for other parts of Britain). In 2001, for
England as a whole, a little over 10 percent of households experienced either three or
four of these dimensions of deprivation. This particular category, concentrating on all, or
almost all, of the different aspects of deprivation is therefore well-suited to a targeting

exercise aimed at identifying the most deprived section of the population. This census
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variable, measuring the percentage of households experiencing three or four dimensions

of deprivation, will be referred to as the Benchmark.

Measuring and comparing targeting performance

It is common practice, when examining the inequality of a distribution, to plot a Lorenz
curve and to summarise this by means of a Gini Index (or Coefficient). In the case of
targeting systems, it is also possible to record the improvement in targeting performance,
relative to a uniform distribution, by the use of a Gains Chart (or Table). These
techniques provide a useful way of comparing each of the spatial targeting systems with
the Benchmark. To construct a Lorenz curve for the Benchmark, for example, it is
necessary to rank Output Areas in descending order, with respect to the cumulative
percentage of households with three or four dimensions of deprivation. This is then
plotted against the corresponding cumulative percentage of households, with ‘good
performance’ represented by the expectation that as large a proportion as possible of
deprived households are isolated in the smallest share of the total number of households.
A Gains Chart is a convenient way of summarising the amount by which the cumulative
percentage of deprived households exceeds the corresponding cumulative percentage of

households at fixed points of the distribution, such as 5, 10, 15 percent, etc.

Another measure of performance is the Gini Index, calculated from the Lorenz Curve
by measuring the area between the plotted curve and the 45 degree line, which would
correspond to a uniform distribution of multiply-deprived households across all units of
observation, as a percentage of the total area below the 45 degree line. The higher the
value of the Gini Index, the greater the extent to which the Benchmark is seen to account
for higher concentrations of deprived households. In the extreme case, where all
households are concentrated in one unit of observation, the Gini Index would have a
value of 100%.

15



The performance of four different spatial targeting systems is compared with that of
the Benchmark in terms of their ability to isolate concentrations of deprived households,
based on information derived from the construction of the corresponding Lorenz curves.
Two of the targeting systems use geodemographic classifications, one of which is more
detailed than the other. Two further systems are based on the Index of Multiple
Deprivation, one using the conventional IMD at Super Output Area level and the other, a
new version of the IMD created at the Output Area level. This hybrid method uses the
geodemographic classification to synthesize IMD scores for these smaller geographical

units, thereby capitalising on the strengths of both targeting methods.

The spatial targeting systems are labelled as follows:
Targeting System 1 (IMD scores at Super Output Area level);
Targeting System 2 (P? People and Places Branches at Output Area level);
Targeting System 3 (P? People and Places Leaves at Output Area level);

Targeting System 4 (Synthesized IMD scores at Output Area level).

Use is made here of a modified form of Gains Table to compare the Lorenz Curves
associated with each of these systems. Whereas normally the purpose of such a table
would be to show the extent to which a particular targeting model improves upon a
uniform distribution, in the present case it is more important to demonstrate how much
targeting power is lost relative to the Benchmark (which represents, in effect, the best
possible targeting that can be achieved at an Output Area level). To do this, a Losses
Table is constructed, as shown in Table 1. The table focuses on a selection of points
from the Lorenz curves. It can be seen for the Benchmark, for example, that the top 5%
of households in ranked Output Areas together account for 15% of all households
experiencing three or four dimensions of deprivation. The equivalent results for Targeting

Systems 1 and 2 are 11% and 10%, respectively.
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The Losses Table compares the performance of each spatial targeting system with
that of the Benchmark. The difference is expressed as a loss, measured in percentage
points. Compared with the Benchmark, for example, Targeting System 3 produces a loss
of 4% for 5% of ranked households, 6% for 10% of households, 9% for 15% of

households, and so on.

The results shown in Table 1 point to the similar performance of all three targeting
systems in targeting concentrations of multiply-deprived households. Nevertheless, they
do suggest that there are some benefits in using a more detailed geodemographic
classification. Targeting System 3, which uses P? People and Places Leaves, is at least
as good as, or better than, either of the other systems for the four data points shown

here.

The relative performance of each targeting system may also be gauged by reference
to the Gini Index. Table 2 confirms that the highest Gini Index value, 44.34%, is
associated with the Benchmark. For the targeting systems, the Gini Index values are
clustered between 20 and 25%. These are consistent with the evidence presented in
Table 1, in that Targeting System 3 emerges as the best performing system among the

three that have been examined so far.

Analysing similarities and differences

An obvious question arises as to whether the households identified as most deprived
by one targeting system are the same households as those identified by the other
systems. Table 2 shows what happens when the top 10% of households ranked
according to the Benchmark are compared with the top 10% of households obtained
using each of the other targeting systems. In the second column, it is apparent that, for

all targeting systems, the overlap lies between 30 and 40%. It is worth noting that the
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extent of overlap is much greater for Targeting System 3 (P? People and Places Leaves)
than it is for Targeting System 2 (P? People and Places Branches). The third column of
Table 2 focuses on the overlap zone between the top 10% of the Benchmark and
Targeting System 1, the IMD2004-SOA. It shows what proportion of this overlap is also
shared by households emerging in the top 10% of the other targeting systems. For both
geodemographic systems, the degree of overlap is quite low: less than a quarter of
households ranked as top 10% by these targeting systems are also in the top 10% of

Benchmark / IMD2004-SOA households.

In Table 3, the overlap between targeting systems is explored in greater detail. Again
the focus is on the top 10% of households as isolated by the Benchmark. Table 3 shows
the degree of overlap with Targeting System 1 (IMD2004-SOA) and with Targeting
System 3 (P? People and Places Leaves). Varying degrees of overlap may be identified:
between all three systems (Category A), between the Benchmark and one or other of the
targeting systems (Categories B and C), and the case where there is no overlap between
the Benchmark and either of the targeting systems (Category D). Category D is by far
the largest, indicating that almost half of the households (47.09%) in the top 10% of the

Benchmark are targeted by neither the IMD nor the geodemographic system.

It is instructive to examine the socio-economic characteristics of each of these overlap
categories. A convenient source of information is the IMD and its constituent domains.
In Table 3 results are given for six domains, as well as the composite IMD score. The
table shows the mean domain score, together with an index value for each category of
overlap on each domain. The index values (with the national mean domain score set at

100) are useful for comparing the overlap categories.

Because the analysis is restricted to the top 10% of households according to the

Benchmark, the index values are all relatively high. There is broad agreement between
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Categories A, B, and C with respect to all of the indicators. Households isolated by the
Benchmark and at least one other targeting system have index values for the IMD and
most specific types of deprivation that are two-and-a-half times the national average. The
pattern is also consistent for health deprivation and disability, living environment
deprivation, and crime, although the index values are somewhat closer to the national
average. The only slight exception to this is the crime domain index value which, in the
case of Category B (Benchmark / IMD2004-SOA overlap), is substantially lower than

either of the other two categories.

The results for Category D are, however, much different. These are households that
are not targeted by either of the two systems, even though they fall within the top 10% of
deprived households according to the Benchmark. Without exception, the index values
are substantially lower, adding weight to the observation that as one moves beyond the
top 5% of deprived households, there is a rapid fall-off in levels of deprivation. This
finding has important general implications for spatial targeting. It suggests that wholesale
reliance on a household-based measure of deprivation may not be the best strategy in
those instances where more than 5% of the population is being targeted. In those cases
it may be preferable to adopt a wider definition of need that embraces area-, as well as

household-, based considerations.

Creating and testing a hybrid spatial targeting sys tem

The evidence presented thus far suggests that the performance of all three targeting
systems is broadly comparable, even though the targeting results may differ in detail.
Two of the systems do, nevertheless, have the considerable advantage that they operate
at an Output Area (OA) level. The IMD2004, on the other hand, is only available at the
Super Output Area (SOA) level. This restricts the usefulness of the IMD when it comes to
informing detailed decisions about the boundaries of area-based urban policy initiatives.
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If the area being targeted is relatively large — a local authority area or a ward - the SOA
level IMD may be adequate. For initiatives that are targeted more locally, the geography

of the IMD is likely to be a weakness.

To overcome this limitation, it is worth considering how a geodemographic targeting
system and the IMD may be combined to create a hybrid system. A small body of work
already exists in which the relationship between a geodemographic typology and the
IMD2004 is analysed (Ward, 2004). This research has pointed to significant correlations
between the IMD, its domains, and the main factors used in constructing one particular
geodemographic system, Mosaic. However, this earlier work is tentative in nature and

stops short of proposing a method by which the two approaches may be integrated.

Such a combined system would have a number of advantages. It would, for example,
retain the explicit focus on deprivation in the IMD, while at the same time benefiting from
the detailed spatial coverage of P? People and Places. The opportunity to construct a
hybrid system arises from the existence, fortuitously, of two versions of the P? People and
Places geodemographic typology, one of them at the SOA level and the other at the
original OA level. The SOA level version had been prepared for an entirely different
purpose: the regional study of health indicators (Wood el al, 2006). Here the factor
influencing the choice of Super Output Areas was the increasing availability of health

condition data at that level.

In broad terms, the SOA version of the P? People and Places Branch typology was
derived by first establishing the locations of the centroids of the OA-level Branches, in the
n-dimensional space represented by the principal dimensions of variation in the area
classification dataset (Batey and Brown, 2006). Corresponding values were then
computed, now at SOA level, for all of the variables that contributed to these principal
dimensions of OA level variation. This provided a means of identifying the OA Branch
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centroid to which each SOA was closest in n-dimensional space, and thus of assigning

individual SOAs to Branches.

With the P? People and Places Branch typology available at the SOA level, it was
possible to derive, for each of the 40 Branches, an estimate of the mean IMD2004 score.
These values were then applied, in a form of Category Analysis (Wootton and Pick,
1967), at the Output Area level, to impute a likely OA IMD2004 score based on the P?
Branch to which the OA was originally assigned — referred to here as a synthesized
IMD2004 score. The set of IMD scores as assigned in this way to Output Areas provides
a new targeting system, Targeting System 4 (IMD2004-OA-Synthesized). In practice,
checks were carried out to ensure that there was consistency between the IMD2004-OA-
Synthesized scores associated with the constituent OAs that fall within an SOA and the

original IMD2004 score of the SOA as a whole.

The effectiveness of the new hybrid spatial targeting system can be seen in Table 4 in
the form of a Losses Table, augmenting the information relating to Targeting Systems 1-3
provided in Table 1. From Table 4, it can be seen that Targeting System 4 performs on a

par with Targeting System 3 (P&P Leaves-OA) when compared with the Benchmark.

The performance of Targeting System 4 compared with that of the other three
targeting systems can be seen clearly in Table 2. The Gini Index of 24.54% is higher
than that of the other systems, although not by much. In addition, the match of the top
10% of scores for the new system with the top 10% of the Benchmark is reasonably high
(36.66%) while the match with the overlap of top 10% of the Benchmark with IMD2004 at
SOA level is, at 23.82%, perhaps not surprisingly, higher than that of the two

geodemographic-based targeting systems.
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In the next section, the focus shifts from the national to the city region scale. The city
region in question is Merseyside, an area that has been the subject of a wide range of
area-based policy initiatives. Using the Benchmark and the spatial targeting systems
introduced in this section, the effectiveness and robustness of existing spatial targeting is
assessed. Section 4 also explores the potential offered by the new hybrid IMD2004-OA-
Synthesized targeting system. This is examined in two ways: as a further means of
evaluating current targeting and as a basis for proposing priority areas to be targeted in

future area-based initiatives.

4. Spatial targeting in a local context: a city re  gion analysis

Spatial targeting in Merseyside: the notion of Inte  nsively Targeted Areas

Merseyside is a conurbation that has suffered more than most in terms of the impact
of processes of globalisation and economic restructuring (Noon, et al, 2000) and it has
had to respond to a situation of severe economic decline that has manifested itself in
terms of urban dereliction, social deprivation and unemployment (Couch, 2003). It has,
therefore, been the subject of an extensive variety of ABIs that have focused on
addressing health inequalities (for example, Health Action Zones), unemployment and
economic inactivity (for example, Local Enterprise Growth Initiative (LEGI), Working
Neighbourhoods), housing market failure (for example, the Housing Market Renewal
Pathfinder) and local deprivation (for example, the EU Merseyside Objective 1 Pathways

Programme).
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If a more detailed analysis is undertaken of the areas that have been targeted by such
ABIs over the last 20 years, it is possible to note that several neighbourhoods appear to
have been more intensively focused upon, and with several ABIs all operating within a
defined administrative area. In this respect, arguably, three initiatives are of particular
relevance on Merseyside in terms of the relative importance attached to targeting
deprived populations: the EU Merseyside Objective 1 Pathways Programme, the
Neighbourhood Renewal Fund (NRF) and the ‘New Heartlands’ Housing Market Renewal

Initiative (HMRI) Pathfinder Programme.

The EU Merseyside Objective 1 Pathways Programme was set up at the start of the
first EU Objective 1 Programme on Merseyside (1994-99). Pathways areas were defined
through identification of those local communities within Merseyside that demonstrated the
highest levels of unemployment and lowest levels of income. This provided a geographic
focus on which actions and activity could be undertaken through the Programme. The
resulting Pathways boundaries encompass 35% of the total population of Merseyside and
are organised into 38 local Pathway Areas. These 38 areas vary enormously in size -
from 500 to 40,000 individuals. Nevertheless, there is a strong emphasis on improving
both the social and economic position of individuals, and the areas within which they live

(GONW, 2003).

A Neighbourhood Renewal Fund was established to contribute to the delivery of the
UK'’s National Strategy for Neighbourhood Renewal (SEU, 2001) to reduce the disparities
(across a range of thematic ‘floor targets’) between the most and least deprived areas.
This is focused on the 88 most deprived local authority areas in England, as measured in
terms of the Index of Multiple Deprivation 2000 (IMD 2000). The overall aim is to improve

performance across five key policy themes: employment & enterprise, crime, education,
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health and housing, and with Neighbourhood Renewal Areas (NRAS) being defined within
districts in order to focus related-activities on neighbourhoods experiencing particular
difficulties. In the context of Merseyside, NRF monies have again been prioritised to both
supply-side interventions focused on improving the employability of individuals, as well as
physical infrastructure within local communities. Moreover, as both the Pathways
Programme and NRF monies are geographically focused on areas of greatest need,
there have been recent moves to align Pathways resources with NRF on Merseyside to

create a ‘single pot'.

The Housing Market Renewal Initiative (HMRI) Pathfinder was set up to tackle poor
housing stock and housing market failure in declining urban areas (ODPM, 2003). A
series of nine Housing Market Renewal Pathfinders have been created to implement the
initiative in those areas that are worst affected. While the main activity revolves around
housing investment, improvement and re-modelling, and therefore can be seen as place-
oriented, there is nevertheless a very significant people-oriented element: there is specific
mention of the need to focus on social and economic interventions such as education,
crime prevention, economic development and job creation, and cultural development, all

of which are based on an assessment of the needs of the local population.

Figure 1 shows the geographical extent of ‘Intensively Targeted Areas’ (ITAS) in
Merseyside, defined in the context of the existence of NRF, Pathways and HMRI
activities. They form a relatively compact ring surrounding Liverpool city centre, at the

heart of the Merseyside conurbation.

Are the right areas being targeted?
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By drawing upon Tunstall and Lupton’s (2003) notions of efficiency and completeness
of targeting, it is possible to use the targeting systems introduced in Section 3 to evaluate
the extent to which the Intensively Targeted Areas match the areas of greatest need.

This will reveal whether there are areas that, on the basis of their deprivation score, ought
to have been targeted but were not (incompleteness), and areas which were targeted

despite deprivation scores that indicate they should not have been (inefficiency).

To do this, it is instructive to analyse the relationship between deprivation scores and
three categories of neighbourhood: those that have not been targeted for any of the three
initiatives; those that have been targeted for one or two of the initiatives; and those that
have been targeted for all three initiatives (the ITAs). Some 48.60% of the population of
Merseyside falls within the first of these categories, 38.28% within the second category,
and 13.10% are to be found within the Intensively Targeted Areas. These same
percentages provide a means of dividing the deprivation scores into three bands, high,
medium and low, so that, for example, the lowest 48.60% of scores are assigned to the

low score category.

The relationship between deprivation score and targeted areas will now be examined
for three sets of deprivation scores: the Benchmark (2001 Census 3+4DD-0OA), the 2004
IMD at Super Output Area level, and the synthesized IMD at Output Area level. The
results are shown in Tables 5, 6 and 7. In each of these tables, a perfect
correspondence between deprivation score and degree of targeting would mean that the
entire population would be found in one or other of the main diagonal entries. In practice,
the match is not perfect and there is mis-targeting of varying degrees of severity. The

worst cases are those where an area has been targeted for all three initiatives but has
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a deprivation score in the low band, and where an area has not been targeted by any

initiative, despite having a score in the high band.

Table 5 contains the results for the Benchmark, the census variable recording the
percentage of households experiencing three or four dimensions of deprivation.
According to the table, 14,632 people have not been targeted by any of the three
initiatives despite having a high deprivation score (incompleteness), and 6,323 have been
included in all three initiatives, despite having a low deprivation score (inefficiency). This
compares with 0 and 1,640 for the IMD2004-SOA (Table 6) and 11,110 and 1,713 for the
synthesized IMD2004-OA (Table 7). It suggests that one of the consequences of
adopting larger spatial units (Super Output Areas rather than Output Areas) is to reduce
the capacity of the analysis to isolate local pockets of deprivation/prosperity. This has the
danger of producing misleading results. Evidently, the problem is more pronounced in
relation to incompleteness, where the IMD2004-SOA indicates the complete absence of
population in the high deprivation score / no targeted initiative category, whereas the two
Output Area-based measures both indicate that substantial numbers of people have been

incorrectly left out of targeting.

A similar point may be made in relation to those areas that have been intensively
targeted. Here the IMD2004-SOA (Table 6) indicates that more than half (50.77%) of the
population with a high deprivation score has been targeted by all three initiatives.
Superficially, this evidence might suggest that the targeting is particularly effective. A
more likely explanation is that the more aggregate IMD2004-SOA is failing to pick up
much of the detailed local pattern of multiple deprivation. This becomes apparent when
the equivalent information from Table 5 is considered. Here it emerges that, for the

Benchmark measure, just over a quarter (25.18%) of the population with a high
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deprivation score has been intensively targeted. In Table 7, the equivalent figure for the
Output Area-based IMD is 42.43%, suggesting that part of the discrepancy (between the
results in Tables 5 and 6) is due to the effects of spatial aggregation. It lends further

support to the view that the IMD2004-SOA may be presenting a more favourable picture

than is realistic.

The analysis of incompleteness and inefficiency is taken a step further in Table 8.
Here two definitions are used. The first, described as a more stringent definition,
confines attention to the extreme mismatches, three targeted initiatives coupled with a
low deprivation score, and no targeted initiative combined with a high score. The cells in
guestion are shown in Figure 2. The second is a less stringent definition that brings in
two additional cells in defining mis-targeting. The relevant cells in the 3x3 table are
shown in Figure 3. Under this less stringent definition, for incompleteness the scope is
extended to medium scores, in addition to high scores, while for inefficiency medium, as

well as low, scores are now included.

Table 8 shows the population affected by spatial mis-targeting, with incompleteness
and inefficiency distinguished separately, for the Benchmark and for Targeting System 1,
the IMD2004-SOA. The final row in Table 8 contains information about persistent spatial
mis-targeting and enables conclusions to be drawn about the robustness of the
Intensively Targeted Areas. This row focuses on the overlap® of the results from the
Benchmark and Targeting System 1 ( shown in Tables 5 and 6, respectively), in order to
establish how many people live in neighbourhoods that have been mis-targeted

according to the evidence of not just one, but two targeting systems.

® This is obtained by determining the population resident in the set of Output Areas mis-targeted by both the
Benchmark and Targeting System 1.
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The evidence in Table 8 shows that persistent mis-targeting under the more stringent
definition is uncommon, and only affects 1,097 people, all of them as a result of inefficient
targeting. Taking a less stringent definition, the numbers become much larger: as many
as 95,269 people are affected by persistent mis-targeting due to incompleteness, while a
lesser number, 71,147, are affected by inefficiency. The scale of this persistent mis-
targeting becomes apparent when these figures are set alongside the numbers of people
actually targeted by urban policy initiatives that, in Table 5, are shown to be 175,267 for

all three initiatives and 512,124 for one or two initiatives.

Figures 4 and 5 are helpful in understanding the implications of persistent mis-
targeting for particular neighbourhoods. Figure 4 focuses on those areas of Merseyside
where the targeting error is the result of incomplete targeting. The map identifies those
areas beyond the boundary of the Intensively Targeted Areas where there is a strong
case, on the basis of the Benchmark and the IMD 2004, for further targeting. Many of the
neighbourhoods that emerge from this analysis are outer city housing estates, such as
Speke and Kirkby, where there are long-standing problems of multiple deprivation.
Figure 5 focuses on targeting inefficiency in the Intensively Targeted Areas and indicates
those neighbourhoods where the basis for targeting may be less robust despite the fact
that they are intensively targeted. This may reflect the difficulty of achieving consistency
in policy initiatives that cross local authority boundaries. Thus, for example, the Housing
Market Renewal Initiative covers neighbourhoods in parts of three local authority areas.
It is conceivable that slightly different considerations, some of them no doubt political,
affected the drawing of boundaries for this initiative in each local authority area, resulting

in an inconsistent pattern of targeting.

Priorities for future targeting
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The information contained in Figures 4 and 5 provides some clues about where the
priorities for future targeting of initiatives should lie. Figure 4 in particular suggests that
there are many neighbourhoods that are not intensively targeted but which, on the basis
of several measures of need, probably should be. Obviously, it could be that such
neighbourhoods have narrowly missed inclusion among the Intensively Targeted Areas
because of the absence of one or other of the three initiatives chosen here to define such
areas. Each of these candidate areas would need more careful consideration before
being selected for targeting. In seeking further areas for targeting, it is also prudent to

look beyond the areas currently targeted for at least one initiative.

Given its advantages in terms of spatial detail and targeting performance, it is
appropriate to use the new hybrid measure, IMD2004-OA-Synthesized, as the basis for
establishing which areas should be targeted in future. The choice of cut-off point in terms
of deprivation score is, to an extent, arbitrary. However, bearing in mind the discussion in
Section 3 about the rapid fall-off in levels of deprivation, it would seem prudent to
examine the top 5% and 10% of scores nationally on this measure. In Merseyside, this
accounts for approximately 20% and 26% of the population, respectively. Figure 6
focuses on those neighbourhoods which have deprivation scores above the 5% and 10%
thresholds, set against the backcloth of areas currently targeted for at least one of the
three chosen initiatives. A clear pattern emerges of further, sometimes quite extensive,
prospective areas of targeted action that lie on the fringes of areas that have already
been at least lightly targeted, with a large number of relatively small areas or groups of
Output Areas that are remote from the areas already targeted. In practice, it is likely that
a minimum size or area threshold would be applied in defining new priority areas and that

many of these smaller pockets of deprivation would be denied the benefits of resource
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targeting. Indeed, the Government’s Safer and Stronger Communities Fund, focused on
the 3% most deprived SOASs in England, stipulates that resources will not be released
unless there is a minimum population (of around 10,000 individuals in total) resident
within such SOAs in any local authority district. Nevertheless, the map illustrates
strikingly just how widely some of these newly defined areas of need are distributed

throughout the study area.

5. Conclusions

The overall aim of this paper has been to gain a fuller understanding of the
performance of spatial targeting methods in the context of area-based urban policy
initiatives. Through a series of comparative analyses involving several different targeting
systems, it has been possible to gauge the impact on targeting performance of decisions
about targeting method, level of spatial aggregation and the proportion of the population
as a whole that should be targeted. The paper has developed and tested a new, hybrid

targeting system that builds upon the strengths of existing approaches.

The paper began by highlighting both the merits and the drawbacks associated with
spatial targeting, and reviewed how this approach had evolved in Britain over the last 40
years. Indeed, perhaps the critical issue raised in respect of area based initiatives (ABIS)
related to the ‘efficiency’ and ‘completeness’ of targeting — i.e. to what degree are
individuals who are not intended beneficiaries targeted, and to what extent are intended
beneficiaries living outside of the targeted area excluded? The levels of incompleteness
and inefficiency were shown to be important performance indicators in spatial targeting
exercises, although it was recognised that neither could ever be entirely eliminated, no

matter how good the targeting.
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A number of targeting methods have been developed in the UK to guide the selection
of neighbourhoods to benefit from area-based initiatives. Two basic approaches were
discussed in relation to the identification of need: the Index of Multiple Deprivation (IMD),
a composite measure drawing on government statistics, and census-based
geodemographic typologies. The latter approach is available at the fine geographical
level of the Output Area, whereas the IMD has thus far been limited to the more

aggregate Super Output Area level.

The paper then went on to assess the performance of a number of targeting systems
— based upon IMD or geodemographic typologies - at the national level against that of a
benchmark variable measuring multiple deprivation at the individual household level.
The results indicated that while, in general, the targeting power of these systems was
quite similar, the detailed results, in terms of targeted areas, were much more variable.
For example, an analysis was carried out for those neighbourhoods lying within the top
10% of scores on the Benchmark, the areas with the highest percentage of multiply-
deprived households. This produced the striking result: that less than half of these areas
were also targeted by the IMD and the geodemographic classification. This low degree of
overlap means that, in practice, the choice of location for an area-based initiative is

strongly influenced by whichever targeting system is adopted.

The analysis of overlap produced another important finding: where there is overlap
between the outcomes of the various targeting systems, the level of specific kinds of
deprivation is much higher than where there is no overlap. This implies that, as one
moves beyond the 5% most deprived households, the level of deprivation declines
rapidly. This suggests that a sole reliance on household-based measures of deprivation

may not support a focusing of policy interventions in cases where more than 5% of the
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most ‘needy’ households are being targeted. It may be wiser to adopt broader definitions

of deprivation, embracing area, as well as household, characteristics.

The results from the national analysis pointed to the desirability of creating a version
of the IMD at a finer geographical level. This would extend the usefulness of the IMD in
targeting exercises that are more locally focused. A new, hybrid targeting system was
created, combining the explicit focus of the IMD on deprivation with the detailed Output
Area level coverage available from the geodemographic typology. Testing of the new
system at the national level produced positive results: good targeting power and a

relatively high level of overlap with the Benchmark.

The paper proceeded to examine spatial targeting within a particular city region. Here
a number of targeting systems were used to evaluate the effectiveness of existing
targeting, producing an assessment of the degree of incompleteness and inefficiency.
The same analysis also revealed some of the limitations of the IMD 2004 as a targeting
tool within cities. The use of Super Output Areas by this system was shown to produce
potentially misleading results, in some instances suggesting that existing targeting was
good when the evidence of other targeting systems, with a more detailed geographical

coverage, indicated the opposite.

Applying the new hybrid targeting system provided a further insight into which areas
should be targeted in future. The method revealed that there are a number of quite
extensive areas of prospective action that lie on the fringes of areas which have
experienced at least some targeting. The issue of critical mass means that these areas
would be more likely to receive an allocation of resources than smaller groups of Output
areas that are more remote from currently targeted areas on Merseyside. Nevertheless,

the identification of these ‘outliers’ can also inform the development of thematic
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interventions which are perhaps borough- or district-wide, and which focus on improving
the up-take of particular services within such deprived areas but without the specific
implementation of area-specific approaches. This would be in line with the recent
emphasis placed by the Government on regeneration initiatives that encourage cross-

cultural / thematic (city-wide) approaches to addressing issues of common concern.

Finally, given that the IMD is intended to be updated on a biennial basis, this opens up
the interesting prospect of using the relationships between the IMD and each
neighbourhood type in the geodemographic system — upon which the hybrid system is
based — to update the geodemographic classification. In this way, it should be possible to
track how neighbourhoods are changing in the periods between censuses (and their
potential propensity to ‘tip’ from becoming less deprived to more deprived), the degree to
which it is feasible to ‘twin’ similar types of areas for regeneration interventions
(supporting the Government’s community cohesion objectives) and also to assess the
degree to which urban policy is being effectively targeted. Furthermore, there is the
potential to explore how the method set out within this paper can be applied more widely
to other types of geodemographic systems (for example, Mosaic), other (future) methods
of spatial targeting utilising similar or different data sets or geographical ‘building blocks’,
and other policies adopted to define ‘intensively targeted areas’. Research of this kind
would highlight any inconsistency in respect of areas to be focused upon and would

assist with ongoing efforts to promote and improve the effectiveness of targeting.
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Table 1: Losses table for different targetings  ystems

Percentage of Households 5% 10% 15% 20%

Benchmark: 2001 Census 3+4DD-OA 15 26 36 43

Targeting System 1:

IMD2004-SOA 11 19 26 33
Loss 4 7 10 10

Targeting System 2:
People and Places Branches-OA 10 19 26 33
Loss 5 7 10 10

Targeting System 3:
People and Places Leaves-OA 11 20 27 34
Loss 4 6 9 9

Note: Benchmark ranks Output Areas according to % households with 3 or 4 dimensions of
deprivation as measured by 2001 Census. This indicates, for example, that the top 5% of
households in ranked Output Areas together account for 15% of all households experiencing
3 or 4 dimensions of deprivation. Targeting System 1 uses IMD2004 Super Output Area
scores to rank Output Areas, indicating, for example, that the top 5% of households in ranked
Output Areas together account for 11% of all households experiencing 3 or 4 dimensions of
deprivation. Targeting Systems 2 and 3 rank each geodemographic category (Branches
and Leaves, respectively) on the basis of its % households with 3 or 4 dimensions of
deprivation, as a further means of producing concentrations of deprived households.
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Table 2 : Targeting systems compared

Targeting System Gini Match with Match with overlap of

Index top 10% of | top 10% of Benchmark
Benchmark and IMD2004 SOA

Benchmark: 44.34% 100.00% 37.93%

2001 Census 3+4DD-OA

Targeting System 1: 21.22% 37.93% 100.00%

IMD2004-SOA

Targeting System 2:

People and Places Branches-OA 21.71% 31.63% 20.39%

Targeting System 3:

People and Places Leaves-OA 22.67% 38.36% 23.38%

Targeting System 4: 24.54% 36.66% 23.82%

IMD2004-OA-Synthesized

Note: The top 10% of scores on each targeting system are compared here, first with the top 10%
of Output Areas on the Benchmark, and then with the group of Output Areas that are found in the
top 10% of both the Benchmark and Targeting System 1, IMD2004-SOA scores.
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Table 3: Analysis of top 10% of Output Areas rank  ed with respect
to Benchmark: comparison of Targeting Systems 1 and 3

IMD Domain Descriptor Mean
Domain A B C D
Score  (23.38%) (14.45%) (14.98%) (47.09%)

IMD2004 score 21.49 259 233 253 138
Income deprivation 0.14 286 253 281 141
Employment deprivation 0.10 250 228 237 142
Health deprivation & disability 3.99 136 132 134 110
Education, skills & training deprivation  21.77 251 263 248 151
Living environment deprivation 3.96 126 121 125 105
Crime 20.82 199 156 201 110
Note:

Comparison based on IMD2004 Domain scores,
with index set to national mean Domain score.

Benchmark: 2001 Census 3+4DD-0OA;
Targeting System 1: IMD2004-SOA;
Targeting System 3: People and Places Leaves-OA.

Complete overlap
A: Output Areas in top 10% of scores for Benchmark,
Targeting System 1 and Targeting System 3.

Partial overlap

B: Output Areas in top 10% of scores for Benchmark,
Targeting System 1 but not for Targeting System 3.
C: Output Areas in top 10% of scores for Benchmark,
Targeting System 3 but not for Targeting System 1.

No overlap

D: Output Areas in top 10% of scores for Benchmark,
but not for Targeting System 1 and Targeting System 3.
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Table 4 . Losses table for synthesized Output Ar  ea level IMD2004

Percentage of Households 5% 10% 15% 20%

Benchmark: 2001 Census 3+4DD-OA 15 26 36 43

Targeting System 4.

IMD2004-OA-Synthesized 10 20 27 34
Loss 5 6 9 9

Note: Benchmark ranks Output Areas according to % households with 3 or 4 dimensions of
deprivation as measured by 2001 Census. This indicates, for example, that the top 5% of
households in ranked Output Areas together account for 15% of all households experiencing
3 or 4 dimensions of deprivation. Targeting System 4 uses synthesized IMD2004 Output
Area scores to rank Output Areas, indicating, for example, that the top 5% of households in
ranked Output Areas together account for 10% of all households experiencing 3 or 4
dimensions of deprivation.
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Figure 1: Intensively targeted areas in Merseysid e
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Table 5 :

The relationship between deprivation sc
targeted for urban policy initi

Benchmark - 2001Census3+4DD.

ores and areas

atives in Merseyside:

O Initiative | 1-2 Initiatives B Initiatives Total

Low 3+4 DD score 498781 144884 6323 649988
Row% 76.74 22.29 0.97 100.00
Medium 3+4 DD score 136719 250580 124758 512057
Row% 26.70 48.94 24.36 100.00
High 3+4 DD score 14632 116660 44186 175478
Row% 8.34 66.48 25.18 100.00
Total 650132 512124 175267 1337823
Row% 48.60 38.28 13.10 100.00
Table 6 : The relationship between deprivation sco  res and

areas targeted for urban policy
Targeting System 1 - IMD2004-SOA .

initiatives in Merseyside:

0 Initiative 1-2 Initiatives 3 Initiatives Total
Low IMD score 511107 137195 1640 649942
Row% 78.64 21.11 0.25 100.00
Medium IMD score 139025 288513 84508 512046
Row% 27.15 56.35 16.50 100.00
High IMD score 0 86416 89119 175535
Row% 0.00 49.23 50.77 100.00
Total 650132 512124 175267 1337823
Row% 48.60 38.28 13.10 100.00
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Table 7 : The relationship between deprivation s
targeted for urban policy initi
Targeting System 4 - IMD2004-OA -Synthesized.

cores and areas

atives in Merseyside:

O Initiative 1-2 Initiatives 3 Initiatives Total
Low IMD score 505991 142044 1713 649748
Row% 77.87 21.86 0.26 100.00
Medium IMD score 133031 280185 99117 512333
Row% 25.97 54.69 19.35 100.00
High IMD score 11110 89895 74437 175442
Row% 6.33 51.24 42 .43 100.00
Total 650132 512124 175267 1337823
Row% 48.60 38.28 13.10 100.00
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Table 8 : The analysis of spatial mis-targeting

More stringent definition

Less stringent definition

Incompleteness | Inefficiency Incompleteness | Inefficiency
Benchmark: 14632 6323 151351 131081
2001Census3+4DD
Targeting
System 1: 0 1640 139025 86148
IMD2004-SOA
Persistent spatial 0 1097 95269 71147

mis-targeting
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Figure 2:  Spatial mis-targeting:
cells used in more stringent definition

0 Initiative 1-2 Initiatives 3 Initiatives
Low score Inefficiency
Medium score
High score Incompleteness
Figure 3:  Spatial mis-targeting:
cells used in less stringent definition
0 Initiative 1-2 Initiatives 3 Initiatives
Low score Inefficiency
Medium score Incompleteness Inefficiency

High score

Incompleteness
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ng in Merseyside:

Areas of persistent spatial mis-targeti
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Figure 5: Areas of persistent spatial mis-target  ing in Merseyside:
inefficiency

-

|:| Intensively Targeted Areas

- Areas Subject to Persistent
nefficiency in Targeting

Thiz work is based on data provided through EDINA UKBOR DERS with the support of
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Figure 6 :

Priority areas for future targeting in

Merseyside

48



